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Announcements

ÅAssignment results online

ÅThanks to all that provided additional info on the survey

ÅRegistration

ÅPass ǒ 6 assignments

ÅRegister in HISPOS till 7.1.2020

ÅNo other registration

ÅFurther reading: now on website
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Goal today: Model anything

ÅAnything? Cats (Q146), submarines (Q2811), philosophical 

schools ( Q16895642), Ǌ

ÅWhatǆs different from databases?

ĄEnormously rich schemas

ĄDynamics

ÅWhat follows is the standard data model of web - scale 

KBs, and the semantic web

ÅBuilds upon Database 101 
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Motivation (CACM 2019)

ñKnowledge representation is a difficult skill to learn on 
the job. The pace of development and the scale at which 
knowledge-representation choices impact users and data 
do not foster an environment in which to understand and 
explore its principles and alternatives. The importance of 
knowledge representation in diverse industry settings [..] 
should reinforce the idea that knowledge representation 
should be a fundamental part of a computer science 
curriculum ïas fundamental as data structures and 
algorithms.ò

- industry experts behind Google, Microsoft, 
Facebook, Amazon, IBM knowledge graphs
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Outline

ÅEntities and classes

ÅRelations

ÅBinary relations

ÅSchema

ÅKnowledge graphs

ÅReification

ÅCanonic entities

ÅOpen - world assumption

ÅLab 2
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Entity

An entity (also resource, item, object) is any 

particular object of the world or of imagination, 

be it abstract or concrete
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Is this a good definition?
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Entity permanence?
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Humans replace their cells every 7 years
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Rowan Atkinson Marilyn Monroe
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Instance vs. class?

Try it out: city, Elvis, Coli bacteria, Ford, time

[Finding Needles in an Encyclopedic Haystack: 

Detecting Classes Among Wikipedia Articles, Pasca, 

WWW 2018]
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YAGO examples
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(61 more)
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Limitations
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Limitations
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Def: Relation
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(And nulls blow up the data for high - arity relations)
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